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Everingham, M.; and Winn, J. 2012. The PASCAL visual object classes challenge 2012 (VOC2012)
development kit. Pattern Anal. Stat. Model. Comput. Learn., Tech. Rep, 2007(1-45): 5.
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Cordts, M., Omran, M., Ramos, S., Rehfeld, T., Enzweiler, M., Benen-son, R., Franke, U., Roth, S., & Schiele, B. (2016). The cityscapes
dataset for semantic urban scene understanding. In IEEE conference on computer vision and pattern recognition (pp. 3213-3223)

2025/04/01 8




) 1 4 7 %%

SOUTH-CENTRAL MINZU UNIVERSITY

> COCO%uReE
Common Objects in Context, LUiasIBEEAEWR, G T HHREMIHEGS

Dog Person

Cow

—HE5912E, LIAFEABINZEeEHHR AR, HA82358 350004 L4l

Lin, T.-Y., Maire, M., Belongie, S., Hays, J., Perona, P., Ramanan, D., Dollar, P., & Zitnick, C. L. (2014). Microsoft
Coco: Common Obijects in Context. In European conference on computer vision (pp. 740-755). Springer.
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Segment Anything

Stronger, Fewer, & Superior
Harnessing Vision Foundation
Models for Domain Generalized
Semantic Segmentation (DGSS)

High Quality Segmentation for
Ultra High-resolution Images

Disentangle then Parse: Night-time
Semantic Segmentation with
[Ilumination Disentanglement

SED:A Simple Encoder-Decoder
for Open-Vocabulary Semantic
Segmentation

Prompting Multi-Modal Image
Segmentation with Semantic
Grouping

Prompt-and-Transfer: Dynamic
Class-Aware Enhancement for
Few-Shot Segmentation
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3.1387 favlist.content.click&vd_source=d9c11bf42dbabecdf6bb0 :click&vd,source=d9c11bf42dbabecdf6bb0ea659f7a921
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